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Meditation involves focusing one’s attention on an
object or a phenomenon. Numerous studies have dis-
covered beneficial effects of meditation. However, very
few scientific studies have attempted to formally under-
stand the underlying mechanisms. In the present study,
two 3-month retreats were conducted. 88-channel EEG
data was collected while participants rested with their
eyes closed before and after engaging in focused atten-
tion meditation. Second-order blind source separation
was used for artifact removal. Reference-free data was
obtained by estimating current source density. Changes
in spectral power were assessed using a nonparametric
cluster-based approach. Within-session (pre-meditation
rest vs. meditation) results, in the alpha band, suggest
that after 3-months there is a generalization of overall

cortical activity during rest, such that the “default”
mode of resting came to resemble the meditation mode.
To formally understand the underlying mechanisms
responsible for such a cortical change during rest, a
computational model was employed. Attention regula-
tion during focused meditation is hypothesized to
involve cortico-thalamo-cortical interactions. Thus, to
model EEG data during rest, the presented model archi-
tecture includes cortico-thalamic and thalamo-cortical
interactions (Figure-1a). This model was initially devel-
oped by [1] and is capable of modeling both spatial and
temporal dynamics of cortical activity using a 2-D conti-
nuum approach with inputs from sub-cortical structures.
Three computational modeling experiments were run to
examine – (1) if the model can fit the 88-channel EEG
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Figure 1 (a) Model architecture for a single site (adapted from [1]). (b) Model estimated (in red) and experimental (in blue) spectra for a sample
channel and subject. (c) Topographic map of the intrathalamic gain parameter before and after training. Reduction in intrathalamic gain has
been linked to increase in alertness [2]. Thus, the model not only fits experimental data but also provides a concrete and testable hypothesis
about the changes seen on the scalp.
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data, (2) if the inverse computational modeling can pro-
vide insights about the patterns observed on the scalp,
and (3) if the stability analysis of model equations can
explain for the observed cortical activity changes on the
scalp. As shown in Figure-1b, the model-estimated spec-
trum is in accordance with the experimental spectrum
without crossing physiologically plausible limits for the
parameter set. Further, inverse computational modeling
of the estimated spectral data indicates that after three
months of training intrathalamic gain was significantly
reduced in the right-parietal location (Figure-1c). This
reduction suggests that participants after training were
more alert even during rest. This sustained alertness
during rest may be reflected as a change in the “default”
mode after three months of training. Lastly, the stability
analysis of model equations showed that reduction in
the intrathalamic gain parameter provided more overall
stability to the system. Altogether, these computational
experiments along with the spectral analysis provide a
more insightful formal theory of what might be happen-
ing inside the brain than does the spectral analysis
alone.
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